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ABSTRACT
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EVIDENCE FROM EMERGING NATIONS*
Rajeev K. Goel and Michael A. Nelson
Using data on 135 countries, this paper studies the determinants of process innovation introduction,
focusing on the impacts of economic and political uncertainties. Greater uncertainty, on the one
hand, can lower potential benefits from innovation introductions, while on the other hand, the
introduction of innovations might enable firms to hedge against uncertainty. The empirical literature
has mostly considered uncertainty-investment nexus, and this study uniquely considers uncertaintyinnovation introductions. Employing two different measures of economic and political uncertainty
across different time lags, results are consistent with the hedging story - greater economic and
political uncertainties induce firms to introduce process innovations to the market. With regard to
firms’ attributes, sole proprietorships and R&D-performing firms were more likely to introduce
innovations, while firms located in island nations were less likely to do so. Firms’ size and vintage did
not have an appreciable influence on the incentives to introduce innovations. Some policy implications
of these findings are discussed.
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Introduction

A lot of attention has been paid to research investments and the factors driving them, with the role of
uncertainty among them. Research investments are crucial to drive innovation. However, the rewards
of invention are reaped only upon diffusion when they are introduced to the markets and used by
consumers or further developed/improved by others. While various influences on the incentives for
diffusion have been considered, the role of uncertainty in dictating incentives to introduce innovations
to the market have not been considered at length and this forms the focus of this work.
Broadly speaking, decision-making under uncertainty creates many issues in general and for business
firms in particular. Uncertainty alters the expected costs and benefits of projects and could generate
different responses across individuals and firms with different risk attitudes. Firms facing various
uncertainties, including economic, political, regulatory uncertainties, might delay or even abandon
projects. Furthermore, these uncertainties might impact all or specific facets of business operations
(see Arrow (1971) for seminal theoretical work on the economics of uncertainty and later by Dixit and
Pindyck (1994) and Pindyck (1991). See Bloom for a model of the role of uncertainty in R&D spending
and Kamien and Schwartz (1980, 1982), Goel (1995, 2007), Loury (1979), and Reinganum (1989) for
models specific to the role of uncertainty in innovation (see Stokey (2016) for the effect of political
uncertainty). 1
Formal theoretical research on the impacts of uncertainty has outstripped empirical verifications of
the underlying theories and hypotheses. A key reason for this dichotomy is that uncertainty is hard to
quantify and it is multidimensional. Notable empirical works studying the role of economic uncertainty
on investment include Binding and Dibiasi (2017), Czarnitzki and Toole (2011) and Goel and Ram
(2001). On the other hand, empirical studies considering the impact of political uncertainty on
business investment include An et al. (2016), Jens (2017), Kang et al. (2014) and Morikawa (2016). 2
None of these studies considers the impact of uncertainty on innovation introductions by firms.
This paper attempts to somewhat reduce the gap between related empirical and theoretical research
on the impacts of uncertainty by studying the role of political and economic stability (uncertainty) on
innovation introductions by firms. Economic uncertainty might emerge from, among other things,
unexpected macroeconomic shocks or inconsistent government policies, while political uncertainty
may be heightened via frequent government changes (either through a lack of viable ruling coalitions
in democracies or coups in other instances). Firms facing instability might delay or scrap market
introductions of innovations that they have already invented (with most related costs sunk). Instability
affects the potential payoffs and might make innovation introductions unattractive. 3 The underlying
theoretical basis draws on the real options framework, where investments, especially those that are

1

Since they are two sides of the same coin, we use the terms stability and uncertainty in reference to the same
phenomenon.
2
A recent focus of the uncertainty- investment literature has been in the context of the Great Recession,
especially with regard to the euro-zone nations (Caldera et al. (2016), Meinen and Roehe (2017)).
3
While technical uncertainty is related to the supply of innovations (i.e., whether firms will actually succeed in
coming up with an invention), the economic and political uncertainties we consider are related to the payoffs
from market introductions – i.e., whether costs of innovation introduction and its diffusion and/or demand for
the innovation are going to be affected by economic and political upheavals.
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irreversible or sunk in nature, might be delayed or postponed in the face of greater uncertainty (Dixit
and Pindyck (1994)). While investments in the research process are largely viewed as irreversible, it is
likely that those associated with introducing innovations to the market are not (mostly) irreversible.
Political uncertainty might be related to policy or regulatory changes. New governments or political
regimes might enact policies that are less conducive to technical change.
Since investments related to the research process, including the production and dissemination of
innovations, require firms to take a longer-term view (than, say, investments in equipment or
machinery), the usual measures of uncertainty that mostly measure volatility based on fluctuations in
stock market prices seem more appropriate for short-term (non-R&D) investments.
Viewed from a different angle, changes in economic uncertainty might be relatively in greater control
of policymakers (at least in the medium to long term), than changes in political uncertainty. Further,
the effects of economic and political uncertainties might be dissimilar and the empirical analysis will
inform us in this regard. An understanding of the influence of uncertainty on incentives to introduce
innovations to the market would be useful for policymakers looking to bolster economic growth via
the diffusion of new technologies.
The following are the key contributions of this work:
•

Unique focus on the impact of uncertainty(ies) on firm conduct in the form of innovation
introductions – the empirical literature has considered aggregate investment or research
investment.
What is the impact of greater uncertainty on the incentives to introduce innovations to the
market?
How does the impact of uncertainty change across prevalence of innovation introductions?

•

Comparison of the relative impacts of economic and political stability on firm’s incentives
for innovation introductions.
Do economic and political uncertainties have similar effects on the incentives to introduce
innovations?

•

Consideration of firm-level survey data from more than 100 countries.

Using data on firms in 135 countries and employing two different measures of economic and political
uncertainty across different time lags, results are consistent with the hedging story - greater economic
and political uncertainties induce firms to introduce process innovations to the market. With regard to
firms’ attributes, sole proprietorships and R&D-performing firms were more likely to introduce
innovations, while firms located in island nations were less likely to do so. Firms’ size and vintage did
not have an appreciable influence on the incentives to introduce innovations.
The layout of the rest of the paper is the following- Section 2: Literature and theoretical background;
Section 3: Empirical model, data, and estimation; Section 4: Results; Section 5: Additional
considerations; Section 6: Conclusions.
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Literature and theoretical background

The theory tied to the real options literature argues that the (irreversible) investments like R&D
investments would be negatively affected by uncertainty as the value of waiting to invest increases in
the presence of uncertainty (see Dixit and Pindyck (1994)). Czarnitzki and Toole (2011) and Goel and
Ram (2001) provide empirical support for this. Bloom (2007) shows that greater uncertainty reduces
the responsiveness of R&D spending to changes in demand conditions, whereas Clemens and Veugers
(2017) focus on the impact of ex-post risks on medical innovation.
The impact of uncertainty may have materially different impacts on innovation production and this
might arise from R&D investments and innovation introduction. In particular, innovation production
might be (adversely) affected by uncertainty since some but not all costs are sunk. In contrast,
innovation introductions, with innovation production costs sunk, might be positively or negatively
affected by uncertainty. Greater uncertainty would curb innovation introductions when the payoffs
are uncertain; on the other hand, greater uncertainty would induce innovation introduction when
innovation acts as a hedge against uncertainty (for example, innovation expands the market or
conserves inputs). In other words, in the absence of irreversibility of investments, the theoretical
predictions of the real options theory would not necessarily hold.
Given that uncertainties in various forms can potentially affect the production and dissemination of
innovations, it seems useful to sketch a simple theoretical model to sharpen focus and dwell on the
specifics of the uncertainties considered in the present paper. Borrowing from the framework of
Dasgupta and Stiglitz (1980), and later used by Tandon (1984) and others, we can envision the linear
market demand curve for the product by P = a - bQ, where Q = nqi, given n identical firms each with
output qi. The constant marginal production costs are given by c. Process innovation lowers these
production costs by a horizontal decrease in the (constant) production costs, with R&D investment
denoted by x. Thus, c’(x) < 0; and c”(x) > 0. For analytical tractability, the cost reduction (a-c) can be
related to a specific functional form - e.g., Tandon (1984) assumes a constant elasticity form where
(a-c) = βxα, where β can be interpreted as the productivity of research and α as technological
opportunity.
Keeping in mind that we consider process innovations and their introduction in the face of
economic/political uncertainties, two important distinctions need to be kept in mind in placing the
focus of this work in the right context. One is the distinction between process and product
innovations, and their different expected responses to changing uncertainties, and the other is the
distinction between innovation production and its introduction. As product innovations, unlike process
innovations, create new markets, market uncertainties (either economic or political) impact product
demand (whose identity is not known). Thus, greater uncertainty would make product innovation or
its introduction less likely. On the other hand, process innovations lower production costs and are not
creating new markets, so the end-market demand is largely known, although still susceptible to
changing uncertainties. Given this scenario, firms are likely to introduce cost-saving process
innovations as a hedge against greater uncertainty (especially given the fact that market-based
economic and political uncertainties are exogenous and cannot be directly impacted by firms).
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The finance and trade literatures have alternately considered economic uncertainties by examining
variations in stock prices and exchange rates (Eraker et al. (2003), Meinen and Roehe (2017), Tenreyro
(2007)). Such uncertainties seem more suitable for studying their impact on short term investments
and less suitable for studying state-dependent investments like those associated with R&D (see
Bontempi (2016)).
Within this formal basic framework, technological uncertainty regarding the production of process
innovation can be tied to β, while economic and political uncertainties might impact market size (a),
market responsiveness (b), or technological opportunity (α). In other words, macroeconomic
uncertainties can impact the size of the market as well as the responsiveness of consumers (e.g.,
markets might shrink or consumers’ responsiveness might change in times of war or during economic
upheavals, etc.). In this paper, we empirically consider and compare the effects of economic and
political uncertainties on process innovation introductions to the market.
It could be the case that changes in a given form of uncertainty (economic or political) might affect
some combination of market size, market responsiveness and technological opportunity, with the
overall impact on innovation introductions dependent upon the net influence of these (sometimes
divergent) influences. The formal empirical analysis will determine whether the positive or the
negative effect dominates.
Hypothesis 1: The effect of greater uncertainty on innovation introductions would be negative when
uncertainty reduces investment and potential payoffs, and positive when innovation introductions act as a
hedge against risks posed by uncertainty.

The extant literature has considered the impacts of either economic or political uncertainty on overall
investment mostly (An et al. (2016), Binding and Dibiasi (2017), Bontempi (2016), Jens (2017), Kang et
al. (2014), Morikawa (2016), Stokey (2016)), with limited focus on R&D investment (Czarnitzki and
Toole (2011), Goel and Ram (2001), Ivus and Wajda (2018)) or on a comparison of economic and
political uncertainties.
More importantly, there appears to be no study that examines the impact of uncertainty on the
introduction of innovation to the market. Besides contributing to the literature, the potential policy
usefulness lies in the fact that while R&D subsidies and other initiatives are mostly focused on helping
generate innovations, such innovations might not be introduced to the market if there are changes in
economic or political environments.
Based on these theoretical arguments, we turn to the empirical setup for this study.

3

Empirical model, data, and estimation

3.1

Empirical model

We outline the empirical model to test the above hypotheses and examine the relative influence of
economic and political uncertainty on incentives to introduce innovations. For this, we consider a
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number of factors, including firm-level influences and country-level characteristics. The general format
of the empirical model is the following (with subscript i denoting a country)
Innovation introductions (InnovationINTROi) = f(Economic uncertaintyij, Political uncertaintyik, Firm
(1)
characteristicsim, R&Di, Islandi)
where,
j = Ea (3-year lag, 5-year lag, 3-year mid), Eb (3-year lag, 5-year lag, 3-year mid),
k = Pa (3-year lag, 5-year lag, 3-year mid), Pb (3-year lag, 5-year lag, 3-year mid),
m = Firmsize, Firmage, Soleproprietor
The dependent variable (InnovationINTRO) is the percentage of firms that introduced a new process
innovation to the market in the past three years. The detail in the underlying survey enables us to
disentangle a firm’s innovation decision from its market introduction decision, thereby allowing us to
focus on incentives for the latter. As argued above, the nature of investments associated with
innovation introductions is likely to be different from those with innovation generation, and this
difference would have a key influence on the impact of uncertainty. In our sample (discussed below),
a little more than a third of the firms introduced a new process innovation in the preceding three
years.
The main explanatory variable(s) of interest pertains to (exogenous) uncertainty, with two dimensions,
economic uncertainty and political uncertainty, considered. 4 As discussed above, uncertainty can
potentially have a positive or negative influence on innovation introductions. The incentives for
innovation introductions differ from the effects of uncertainty on investment in that most of the sunk
costs have already been incurred in the invention process. Furthermore, the effects of economic and
political uncertainties are likely to be dissimilar. Relatively speaking, it might be easier for firms to
hedge against economic uncertainty (by spreading risks for instance) than political uncertainty (that
might be subject to a nation’s political system, and even in democracies, voters have a say with a lag). 5
Thus, the consideration of lags also enables us to somewhat account for inertia in the
political/institutional structure (e.g., lags between enact and implementation of policies; lags between
elections and new governments taking office, etc.).
Tying to the simple theoretical framework above, economic and political uncertainties might impact
market size (a), market responsiveness (b), or technological opportunity (α).

4

As discussed above, our consideration of economic and political uncertainties does not exhaust all
uncertainties that might potentially impact the research process (Goel (1995, 2007), Kamien and Schwartz
(1982), Reinganum (1989)).
More broadly, Milliken (1987) makes the distinction between state, effect, and response uncertainties. Following
this characterization, our work can be seen as considering state uncertainties in the form of economic and
political uncertainties.
5
Baker et al. (2015) consider policy uncertainty that has political and economic components.
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Given that there may be more than one way to quantify uncertainty, we employ two different
measures of each: 6
Economic Uncertainty –
• Inflation (Ea): Standard deviation of the inflation rate as measured by the GDP deflator. 7
• Unemployment (Eb): Standard deviation of the national unemployment rate.
Political Uncertainty –
• Political Stability and Absence of Violence/Terrorism (Pa):
This index measures the
“perceptions of the likelihood that the government will be destabilized or overthrown by
unconstitutional or violent means, including politically-motivated violence and terrorism.” 8
• State Fragility (Pb): This index measures the effectiveness and legitimacy of the state in four
areas: Security (state capacity to manage conflict), Political (make and implement public
policy), Economic (deliver essential services), and Social (maintaining system coherence,
cohesion, and quality of life). 9
For all uncertainty measures, we allow for varying discount rates, gestation periods and planning
horizons by considering 3-year lags, 5-year lags, and 3-year mid (straddling the year of analysis). In all,
we end up with 12 different measures of uncertainty.
R&D-performing firms (R&D) are better able to generate and service innovation and exploit synergies
between current innovations and future research. Thus, we would expect R&D-performing firms to be
more likely to introduce innovations.
Firm characteristics take account of the ownership structure (Soleproprietor), vintage (Firmage), and
scale (Firmsize) - all of which might have a crucial bearing upon the incentives to introduce
innovations. 10 For instance, decision making in sole proprietorships is likely to more efficient/agile
making innovation introductions more likely, while large and old firms might be somewhat lethargic or
have inertia that might have perverse incentives towards innovation introductions.
Finally, geographic aspects are considered by including a dummy variable identifying island nations
(Island). Island nations are somewhat insulated from competitive pressures that would affect

6

Our economic uncertainty measurement follows the related literature through the use of standard deviations or
variances on relevant variables (Czarnitzki and Toole (2011), Goel and Ram (1999, 2001), Pindyck and
Solimano (1993)). On the other hand, the political uncertainty measures are based on indices that include
variability or uncertainty (see Table 1 for details).
7
Inflation uncertainty has been considered in other contexts by various scholars, see, for example, Bhar and
Mallik (2013), Berument et al. (2011).
8
The index is constructed from several sources, including the Economist Intelligence Unit, the World Economic
Forum, and the Political Risk Services. http://info.worldbank.org/governance/wgi/pdf/WGI.pdf.
9
http://www.systemicpeace.org/inscr/SFImatrix2016c.pdf.
10
Firms’ scale might be tied to the variable Q (output) in the basic theoretical model sketched in Section 2.
Further, sole proprietorship can be viewed as capturing a dimension of market structure. The nexus between
market structure and innovation has intrigued economists since the time of Schumpeter, see, for more recent
examples, Kamien and Schwartz (1982), Pohlmeier (1992)).
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incentives to introduce innovations. Thus, we would expect firms in island nations to be less likely to
introduce innovations, ceteris paribus. The discussion of the data employed in this study is next.

3.2

Data

Data on innovation and firm-level characteristics are drawn from the Enterprise Surveys (ES) that are
produced by the Enterprise Analysis Unit of the World Bank (http://www.enterprisesurveys.org/) on a
wide variety of business environment topics. 11 This organization surveyed business owners and top
managers in 139 primarily developing countries for one or more years over the 2006-2016 time
period. Private firms in the manufacturing and the service sectors (including construction, retail,
wholesale, hotels, restaurants, transport, storage, communications, and IT) were the main focus of
this initiative.
In the present analysis, only surveys complying with the Enterprise Surveys Global Methodology are
included in the dataset. 12 Firm-level data aggregated to country-level indicators formed the basis for
the unit of observation in most of the empirical analysis presented below.
The dependent variable InnovationINTRO captures the percent of firms that introduced a process
innovation in the last three years. These firms could have introduced these innovations as soon as
they were invented, or had invented them earlier and been waiting for the right economic and/or
political climate to introduce them to the market. Our consideration of the different aspects of
economic and political uncertainties enables us to determine how the introduction decisions are
affected by the (exogenously) changing politico-economic landscape.
The measures of economic uncertainty used in this analysis were constructed from World
Development Indicators data sources. Political instability measures were constructed using data from
other reputable sources as summarized in Table 1. Table 1 also includes a more complete description
of each variable considered in the analysis and the associated descriptive statistics.
Due to missing values for the key innovation measure used in this analysis, the final data set included
135 observations derived from a total of 115 countries. 13 The Appendix provides details on the
countries used and the year(s) the surveys were conducted.
In our sample, about forty percent of the firms introduced a new product or service in the past three
years (Table 1). Further, the average age of the firms surveyed was 17 years, a fifth of them spent on
R&D, and about a third were sole proprietorships.

11

For a comparison of the Enterprise Survey with the complementary Doing Business survey also produced
through the World Bank, see http://www.enterprisesurveys.org/Methodology/Enterprise-Surveys-versus-DoingBusiness.
12
http://www.enterprisesurveys.org/methodology.
13
A few countries had surveys for multiple years (see the Appendix for details). We decided to use all available
information in our analysis. Individual country sample sizes for any given year ranged from 1200–1800
interviews for large economies to 360 interviews in medium-sized economies, and for smaller economies, 150
interviews.
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Estimation

Given the nature of the dependent variable that lies within the [0, 1] interval, OLS regression suffers
from similar problems to linear probability models in the estimation of models involving binary
response dependent variables. In particular, predicted probabilities can lie outside the [0, 1] interval
and linear relationships with the independent variables in the model are assumed. To address this, we
follow Papke and Wooldridge (1996) and Wooldridge (2010) and fit models with dependent variables
that are fractional within the unit interval with using the quasi-likelihood estimator, fracreg, under the
assumption that the distribution of the conditional mean of the response variable follows a logistic
functional form. 14
Tables 5-6 report quantile regression results to determine how the influence of uncertainty changes
across varying prevalence of innovation introductions.
We discuss the estimation results next.

4

Results

4.1

Baseline models

Table 2 reports baseline results for both economic and political uncertainty, across 3 different time
lags of each. These results show that greater uncertainty tends to make innovation introductions more
likely. This is true for both economic and political uncertainty and is consistent with the notion that
innovation introductions enable firms to somewhat hedge against the adverse effects of uncertainty.
While the empirical literature examining the effects of uncertainty on investment (both overall
investment and R&D investment) has mostly found a negative effect of uncertainty on investment
(Czarnitzki and Toole (2011), Dixit and Pindyck (1994), Goel and Ram (2001)), our findings indicate that
the negative impact does not carry over when it comes to innovation introductions. The possibility of
a positive finding about the impact of exchange rate uncertainty on overall investment has been noted
by Darby et al. (1999). Besides the risk-hedging argument, the underlying theoretical rationale might
hinge on the fact that while research (R&D) investments in the innovation production phase include a
substantial sunk component (and therefore greater chance of a negative influence of greater
uncertainty), sunk costs are relatively smaller when it comes to innovation introductions.
The results with the 3-year period that straddles the year of analysis, while still positive, lack statistical
significance for both the economic and political uncertainty measures. 15 As a forward-looking
perspective is incorporated into this uncertainty measure a contributing factor behind this finding
might have to do with firms’ inability to forecast the future. Alternatively, it may imply myopic
expectations or high discount rates with it comes to business decisions concerning process
innovations.

14

Estimation is carried out using the STATA command fracreg. A beta distribution is inappropriate as there are
cases in the dataset of endpoint values of the [0, 1] interval.
15
This insignificance might partly have to do with firms’ greater inability to forecast the future - that is only
considered in this measure.
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All three firm characteristics considered - Firmsize, Firmage, and Soleprioprietor - show positive
impacts on the tendencies toward innovation introductions. However, statistical support is there in
only one instance - sole proprietor firms, ceteris paribus, were more likely to introduce innovations.
This result supports the efficient decision-making and information processing in sole proprietorships
that we discussed above. The positive influence of sole proprietorship can also be seen as being
consistent with greater (exclusive) appropriation of rewards from innovation introductions by sole
proprietors.
Consistent with intuition, R&D-performing firms were more likely to introduce innovations. This result
has uniform support across all the models in Table 2. R&D confers technical capability, enables firms
to exploit research-scale economies and enables them to better avail of spillovers - all of which would
facilitate innovation introductions. 16
Finally, consistent with diminished competitive pressures and relatively captive markets in island
nations, firms located on island nations were less likely to introduce innovations - the resulting
coefficient is negative in all cases, with greater statistical significance when economic uncertainty is
considered.
Given that the role of uncertainty is the main factor being considered and that uncertainty can be
measured in different ways, we employ alternative measures of economic and political uncertainty as
a robustness check. These results are presented next.

4.2

Robustness check: Using alternate measures of economic and political
uncertainty

Table 3 presents a summary of the results when variation in the national unemployment rate and an
index of state fragility are included in the model as alternative measures of economic and political
uncertainty, respectively. While inflation and unemployment may be viewed as closely related aspects
of the economic environment, our second measure of political uncertainty, using an index of state
fragility, may be seen as being some broader than the one denoted by Pa (see Table 1 for details).
The results in terms of signs and statistical significance for the parameter estimates of the alternative
uncertainty measures remain unchanged from what was reported above. In other words, by either
measure of economic and political uncertainty, respectively, greater uncertainty makes firms more
likely to introduce innovations and this finding is consistent with the hedging story discussed above.
Similarly, the findings for the other variables in the model are for the most part the same although the
evidence on the importance of ownership structure (Soleproprietor) is statistically not as strong as
what was observed for the other uncertainty measures.

16

Our available R&D variable is the percentage of firms in a country that spend on research and development
(Table 1). Another pertinent variable would be the amount of R&D spending - unfortunately, we do not have
corresponding information for countries/years included in the analysis.
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Assessing the marginal effects of uncertainty on innovation introductions

In Table 4 the average marginal elasticities of process innovation with respect to the key uncertainty
variables are calculated using the parameter estimates presented in Tables 2 and 3. To conserve space
the marginal elasticities for the other variables in the model are not reported but are available upon
request. Further, only results for the 3- and 5-year lagged uncertainty measures are summarized here
since the evidence regarding the linkages between the 3-year “mid” (period straddling each
observation year) uncertainty measure and innovation introduction was statistically weaker.
All of the elasticities reported in the table are statistically significant at the ten percent level or higher.
For the inflation uncertainty measure (Ea) the estimates imply that a one percent increase in the value
of that variable increases process innovation by 0.017 (1.7%) on average using the 3-year lag and
0.022 (2.2%) with the 5-year time horizon. The corresponding elasticity for the unemployment
uncertainty measure (Eb) is similar, a one percent increase in this measure increases innovation
introductions by approximately 0.02 (2.0%) on average using either lagged value for the uncertainty
measure.
Regarding the political uncertainty measures, the results show that the corresponding average
elasticity estimates are 0.013 and 0.8 for the political stability (Pa) and state fragility (Pb) indices,
respectively.
4.3.1 Marginal effects of uncertainty on innovation introduction: Graphical analysis
Further insights can be gained by calculating how the conditional mean of process innovation varies
with the value of each uncertainty measure. For each of the economic uncertainty measure – and
assuming a three-year lag – we calculated the conditional innovation means as each uncertainty
indicator varies from zero to two standard deviations above the sample mean for that indicator (see
Table 1).
The results for the inflation measure [Ea], plotted in Panel A of Figure 1, show that the predicted
percentage of firms that introduce innovations increases from 36.5 % to around 41% over that
uncertainty range, all other factors held constant.
Results for the unemployment uncertainty indicator [Eb] are depicted in Panel B. Here our model
estimates imply that the incidence of innovation introductions in a country increases from 35% (stable
unemployment rate) to 42% (country experiencing a standard deviation in its unemployment rate that
is two times the average for all countries in the sample).
Panel C depicts the result of a similar analysis using the political stability and absence of
violence/terrorism uncertainty index [Pa]. This value of this (rescaled) aggregate indicator is
standardized in units of a standard normal distribution and takes on values ranging from
approximately – 2.5 (more stable) to +2.5 (less stable). The results show that the conditional mean on
process innovation introductions rises dramatically, from 30% to 45% over this uncertainty interval.
Panel D presents a summary of the analysis for the state fragility index [Pb]. This index ranges from 0
(no fragility) to 25 (extreme fragility). The results suggest that process innovation introduction is highly
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sensitive to the perceived fragility of the state as process innovation introduction increases from 32%
to nearly 50%, with the swing from a highly effective and legitimate state to one that is not. 17
Overall, the results demonstrate that both economic and political uncertainty can have a material
influence on the incidence of innovation introductions within a country. Further, the stability of the
political environment appears to be an especially relevant to business managers/owners in making
decisions to bring innovations to the market. Our results suggest that these business decision makers
see innovation introductions as an important strategy to hedge against the turmoil from operating in a
business environment characterized by political instability.

4.4

Effects of uncertainty across varying prevalence of innovation introductionsQuantile regression

To obtain additional insights into the influence of uncertainty, Tables 5 and 6, dealing respectively with
economic and political uncertainty, report quantile regression results (see Koenker and Hallock
(2001)). How does the impact of uncertainty change across prevalence of innovation introductions?
In these tables, q50 is the median regression and the first column, respectively, presents OLS results
for reference. The following main points may be observed.
First, with regard to the effect of uncertainty, we observe somewhat greater differences in Tables 5
and 6 relative to Tables 2 and 3. Economic uncertainty positively affects innovation introductions
across the distribution when the unemployment rate (Eb - Panel B in Table 5) is used as the underlying
measure. The corresponding statistical support with inflation as the underlying measure (Ea - Panel A)
is less. Further, the magnitudes of the impacts of economic uncertainty Eb are similar across the
distribution.
Turning to the influence of political uncertainty in Table 6, the signs are again positive in all cases.
However, while Pa is significant at the low end of the distribution, Pb is significant at the median and
the high end of the distribution. In other words, the more relatively more general measure of political
uncertainty, Pb, increases incentives to introduce innovations at the median or greater prevalence of
innovation introductions. This may be suggestive of positive network externalities among inventors.
Second, the influence of Soleproprietor, which was mostly positive and significant in Tables 2 and 3,
now shows relatively less significance and is never significant at the low end of the distribution.
Finally, the significant positive impact of R&D and the insignificant impact of Firmage holds across the
distribution of innovation introductions. The positive influence of R&D across the distribution is
consistent with intuition. However, the effect of Firmsize is marginally positive at the low end of the
distribution (Panel A in Tables 5 and 6).

Interestingly, in all four cases presented in Figure 1 the relationship between the uncertainty measure and
conditional means are nearly linear.
17
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In sum, we see that the effect of uncertainty varies some across the distribution of innovation
introductions (comparing Panels A and B in Tables 5 and 6, respectively). A part of the reason is that
the firms/countries are likely not evenly distributed (e.g., in some cases you could have relatively few
innovation introductions at the lower quantiles or vice versa).

4.5

Considering economic and political uncertainties together

Since firms likely face economic and political uncertainties simultaneously and not necessarily
sequentially, we re-estimated the models in Table 2 by including both economic and political
uncertainty measures, respectively.
The pairwise correlations between the respective uncertainties (i.e., Ea (3-year lag) and Pa (3-year
lag), as so on) ranged between 0.1 and 0.2, confirming that the two types of uncertainties were indeed
capturing different dissensions of volatility.
The results from the three sets of models with both Ea and Pa, showed that political uncertainty
consistently had a positive and statistically significant impact of innovation introductions. On the other
hand, the three dimensions of economic uncertainty (i.e., 3-year lag, 5-year lag and 3-year mid of Ea)
failed to attain statistical significance. 18 This suggests that, relatively speaking, political uncertainty has
a stronger influence on innovation introductions than economic uncertainty. Indeed, political
uncertainty could also influence economic uncertainty, having both direct and indirect consequences.
These interactions have largely been ignored in both related theoretical and economic literatures and
merit attention in the future.

5

Accounting for the role of the legal system - countries with
socialist legal origin

Firms’ responsiveness to greater uncertainty might be affected by the underlying legal system in a
country. The legal system shapes institutions or parameters of trade in general and, with regard to
innovation, the appropriability of returns in particular.
To determine the impact of the legal system on firms’ incentives to introduce innovations, we
included a dummy variable identifying nations that had their legal system originating in the socialist
framework. Such nations were about a fifth of our overall sample. 19 Socialist legal systems, with their
greater propensity to favor societal goals over individual (firm) goals, would likely dampen firm’s
incentives to introduce innovations, ceteris paribus.
When we reran the models in Tables 2 and 3 with the dummy variable for nations with socialist legal
systems as an additional regressor, the coefficient on the social legal origin variable was negative in all
cases and significant in most. Furthermore, the pattern of results for the uncertainty variables was
18

Additional details are available upon request.
The underlying data for legal origin were from D. Treisman, 2007. “What Have We Learned About the Causes
of Corruption From Ten Years of Cross-National Empirical Research?” Annual Review of Political Science, 10,
211-244.
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similar as before, with somewhat weaker statistical support in some cases - a finding consistent with
the notion that socialist legal systems likely diffuse the effect of uncertainty on individual firms. These
results are not reported but are available upon request. The concluding section follows.

6

Conclusions

This paper examines the influence of uncertainty on firms’ incentives to introduce innovations to the
market. Key contributions relate to the focus on innovation introductions (rather than R&D
investment) and a comparison of the role that economic and political uncertainty may play in this
process.
With regard to the questions posed in the introduction, we are able to provide the following answers:
•

•

•

What is the impact of greater uncertainty on the incentives to introduce innovations to
the market?
The impact of uncertainty on innovation introductions is positive (Tables 3, 4, and 7). This
is consistent with the notion that innovation introductions might enable firms to hedge
against uncertainty. 20
How does the impact of uncertainty change across prevalence of innovation
introductions?
The impact of uncertainty varies somewhat across the prevalence of innovation
introductions (Tables 5 and 6), with only economic uncertainty showing consistently
positive influence across the distribution with one measure (Panel B, Table 5).
Do economic and political uncertainties have similar effects on the incentives to introduce
innovations?
Qualitatively, the two types of uncertainties have similar influences, although they vary
some across the distribution of innovation introductions. Quantitatively, there are some
differences in the influence of the two uncertainty types (Table 4, Figure 1).

Besides contributing to the literature by focusing on innovation introductions, some implications for
policymakers also emerge. First, the positive influence of uncertainty on innovation introductions may
be seen as a mitigating factor on the perceived negative influence of uncertainty on investment,
especially R&D investment. Given that innovation generation and innovation diffusion are sequential
processes, it is not a priori clear how policymakers might weigh the differing influences of uncertainty
on innovation generation and innovation introductions. Nevertheless, this insight into the positive
influence of uncertainty may be considered. Furthermore, changes in economic uncertainty seem
relatively more in the control of policymakers (at least in the medium to long term) than changes in
political uncertainty. Second, the positive influence of R&D throughout reinforces the wisdom of
policies to award R&D tax credits or subsidies for research as this translates to innovation
introductions as well. It is less clear, however, whether these spillovers of R&D on innovation

20

Another possible explanation might lie in the distinction between “good” and “bad” (economic) uncertainty,
as noted in a different context by Segal et al. (2015). Such an exercise, involving construction of corresponding
indices of political uncertainty, is beyond the scope of present work.
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introductions were recognized by designers of such credits/subsidies. Third, the role of sole
proprietors in fostering innovation introductions might involve some special policy initiatives. Fourth,
the role of the underlying legal system might also be crucial in how firms view the impact of
uncertainty in their desire to introduce innovations. Of course, these findings could use additional
verification from data that involves product innovation and other attributes of firms including the
products and services they offer on the market.
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Table 1: Variable definitions, summary statistics, and data sources
Variable

Mean
(std. dev.)

InnovationINTRO: Percent of firms that introduced a process
innovation in the last three years
Economic uncertainty Ea: Standard deviation of the inflation rate as
measured by the GDP deflator:
 Ea1: Calculated over three previous years [Def_SD_lag3]
 Ea2: Calculated over five previous years [Def_SD_lag5]
 Ea3: Calculated over three-periods surrounding the year
under analysis [Def_SD_mid3]
Political uncertainty Pa: Political Stability and Absence of
Violence/Terrorism: Estimate, measured in units of a standard normal
distribution ranging from approximately -2.5 (less stable) to 2.5 (more
stable) - rescaled where higher values imply greater uncertainty:
 Pa1: Average over three previous years [Pol_lag3]
 Pa2: Average over five previous years [Pol_lag5]
 Pa3: Average over three-periods surrounding the year under
analysis [Pol_mid3]

0.38
(0.22)

3.9
4.6
3.1

(5.0)
(4.6)
(4.4)

0.41 (0.9)
0.40 (0.9)
0.37 (0.9)

Economic uncertainty Eb: Standard deviation of the unemployment
rate (national estimate):
 Eb1: Calculated over three previous years [UE_SD_lag3]
 Eb2: Calculated over five previous years [UE_SD_lag5]
 Eb3: Calculated over three-periods surrounding the year
under analysis [UE_SD_mid3]

1.3
1.6
1.0

Political uncertainty Pb: State fragility index ranges for 0 (no fragility)
to 25 (extreme fragility):
 Pb1: Average over three previous years [St_fragility_lag3]
 Pb2: Average over five previous years [St_fragility_lag5]
 Pb3: Average over three-periods surrounding the year under
analysis [St_fragility_mid3]

9.4 (5.7)
9.4 (5.6)
8.7 (5.6)

Firmsize: Number of permanent full-time workers in the firm

(2.0)
(1.8)
(1.6)

Source
[1]

[3]

[4]

[3]

[5]

37.8
(23.8)

[1]

17.1
(5.0)

[1]

Soleproprietor: Percent of firms with legal status of a sole
proprietorship

36.7
(26.1)

[1]

R&D: Percent of firms that spend on research and development

19.8
(14.6)

[1]

Island: Island nation, = 1 if an island, 0 otherwise

0.13
(0.3)

[2]

Firmage: Age of the establishment (years)

Notes: Statistics pertain to all observations used in the analysis.

Sources: [1]. Enterprise Surveys (http://www.enterprisesurveys.org), The World Bank. Data were taken for
all available years between 2006 and 2016 were the survey was conducted via the Enterprise Surveys Global
Methodology. The list of countries included in the data set and survey years can be found in the Appendix.
[2]. https://en.wikipedia.org/wiki/List_of_island_countries.
[3]. World Development Indicators, The World Bank (accessed 4/18/2018).
[4]. World Governance Indicators, The World Bank (10/19/2016).
[5]. Center for Systemic Peace, http://www.systemicpeace.org (accessed 5/6/2018).

19

KIEL WORKING PAPER

NO. 2142 | OCTOBER 2019

Table 2: Uncertainty and innovation introductions: Baseline models (Dep. var.: InnovationINTRO)
Model →

Economic uncertainty Ea
3-year lag

3-year lag

5-year lag

3-year mid

0.022
(2.8)

0.011
(1.3)

0.145
(1.9)

*

0.146
(1.9)

*

0.115
(1.5)

Firmsize

0.004
(1.2)

0.004
(1.3)

0.003
(1.0)

0.003
(1.1)

0.003
(1.1)

0.003
(1.0)

Firmage

0.005
(0.3)

0.005
(0.3)

0.010
(0.6)

0.003
(0.2)

0.003
(0.2)

0.012
(0.7)

*

0.006
(1.9)

**

**

0.008
(2.8)

**

0.045
(7.2)

**

-0.494
(2.0)

**

78.82

Soleproprietor

0.008
(2.8)

R&D

0.044
(7.2)

Island

-0.518
(2.1)

2

Wald χ (6)

**

3-year mid

0.021
(2.7)

Uncertainty

**

5-year lag

Political uncertainty Pa

85.15

**

0.011
(4.0)

**

0.006
(1.9)

**

0.039
(6.2)

**

0.043
(7.0)

**

-0.658
(2.5)

**

-0.376
(1.5)

**

73.44

**

96.90

**

*

0.009
(2.9)

0.044
(7.0)

**

0.038
(6.1)

-0.379
(1.6)

-0.536
(2.0)

**

90.33

95.15

**

**

**

**

Pseudo R-Sq.

0.079

0.079

0.074

0.079

0.079

0.074

Observations

134

134

119

135

135

120

Notes: Variable definitions are provided in Table 1. All models included a constant term in these fractional response
regressions assuming a logit distribution. The numbers in parentheses are (absolute value) z-statistics based on robust
standard errors. * denotes statistical significance at the 10% level, and ** denotes significance at the 5% level (or better).
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Table 3: Uncertainty and innovation introductions:Using alternate measures of uncertainty (Dep. var.:

InnovationINTRO)
Model →

Economic uncertainty Eb
3-year lag
**

5-year lag
**

Political uncertainty Pb

3-year mid

3-year lag
**

5-year lag
**

3-year mid
**

0.086
(4.2)

0.055
(2.0)

0.021
(0.7)

0.038
(2.7)

0.039
(2.6)

0.045
(2.9)

Firmsize

0.002
(0.4)

0.002
(0.9)

-0.002
(0.5)

0.002
(1.0)

0.002
(1.0)

0.002
(0.7)

Firmage

0.018
(0.9)

0.010
(0.6)

0.021
(1.2)

0.007
(0.4)

0.007
(0.4)

0.017
(1.1)

Soleproprietor

0.006
(1.7)

*

0.009
(2.9)

**

0.003
(0.9)

0.003
(0.8)

0.007
(1.9)

R&D

0.040
(6.6)

**

0.042
(6.5)

**

0.043
(6.9)

0.043
(6.9)

0.036
(6.0)

Island

-0.657
(2.7)

**

-0.566
(2.5)

**

0.132
(0.6)

0.130
(0.6)

-0.020
(0.1)

**

81.72

**

109.78

108.80

107.16

Uncertainty

2

Wald χ (6)

109.30

**

0.011
(2.9)

**

0.038
(5.9)

**

-0.828
(3.2)

**

80.02

**

**

**

**

*

**

**

Pseudo R-Sq.

0.087

0.080

0.079

0.082

0.082

0.078

Observations

90

100

89

125

124

109

Notes: Variable definitions are provided in Table 1. All models included a constant term in these fractional response
regressions assuming a logit distribution. The numbers in parentheses are (absolute value) z-statistics based on robust
standard errors. * denotes statistical significance at the 10% level, and ** denotes significance at the 5% level (or better).
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Table 4: Uncertainty and innovation introductions: Average marginal effects (Elasticities) (Dep. var.:

InnovationINTRO)
Model →

3-year lag

3-year lag

5-year lag

**

0.022
(2.7)

*

0.013
(1.9)

Economic uncertainty Ea

0.017
(2.6)

Political uncertainty Pa

0.013
(1.8)

5-year lag

**

*

**

0.021
(1.9)

**

0.081
(2.6)

Economic uncertainty Eb

0.024
(4.1)

Political uncertainty Pb

0.080
(2.7)

*

**

Notes: Variable definitions are provided in Table 1. Based on model results presented in Table 2 and Table 3. To conserve
space the marginal elasticities for the other variables in the model are not reported but are available upon request.The
numbers in parentheses are (absolute value) z-statistics based on robust standard errors. * denotes statistical significance
at the 10% level, and ** denotes significance at the 5% level (or better).
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Table 5: Effect of economic uncertainty across prevalence of innovation introductions: Quantile regression
(Dep. var.: InnovationINTRO)
Panel A: Measure of economic uncertainty: Ea
Reference

Quantiles

Quantile →

q25

q50

q75

*

0.0060
(1.5)

0.0039
(1.6)

0.0013
(0.3)

0.0011
(1.7)

*

0.0014
(1.7)

*

0.0014
(1.3)

0.0000
(0.0)

Firmage

-0.0009
(0.3)

-0.0052
(1.0)

-0.0040
(0.8)

0.0052
(0.8)

Soleproprietor

0.0012
(2.2)

**

0.0010
(1.4)

0.0009
(1.0)

Uncertainty: Standard
deviation over three previous
years [Def_SD_lag3]

0.0037
(1.7)

Firmsize

R&D
R-Sq./Pseudo R-Sq.
Observations

**

**

0.0098
(7.6)
0.47
134

0.0101
(5.6)
0.34

**

0.0026
(2.5)

**

0.0112
(4.8)
0.27

**

0.0222
(2.5)

0.0109
(8.0)
0.34
134

**

Panel B: Measure of economic uncertainty: Eb
Uncertainty: Standard
deviation over three previous
years [UE_SD_lag3]

**

*

0.0227
(4.3)

0.0246
(1.9)

0.0242
(3.6)

**

Firmsize

0.0008
(0.9)

0.0010
(0.8)

0.0010
(0.8)

0.0009
(0.5)

Firmage

0.0015
(0.4)

-0.0059
(0.9)

-0.0016
(0.3)

0.0058
(0.9)

Soleproprietor

0.0007
(0.9)

0.0011
(0.9)

0.0018
(2.1)

**

0.0009
(0.8)

R&D
R-Sq./Pseudo R-Sq.
Observations

**

**

**

**

0.0090
(7.1)

0.0104
(5.5)

0.0100
(7.0)

0.0102
(4.6)

0.60

0.40

0.43

0.41

90

90

Notes: Variable definitions are provided in Table 1. Economic uncertainty Ea: Standard deviation of the inflation rate;
Economic uncertainty Eb: Standard deviation of the unemployment rate. Absolute value of t-statistics in parentheses based
on bootstrap standard errors (200 replications) in these quantile regressions. All models included a constant term. q50
represents the median regression. * denotes statistical significance at the 10% level, and ** denotes significance at the 5%
level (or better). Reference model reflects non-quantile results estimated via Ordinary Least Squares with robust standard
errors for comparison purposes.
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Table 6: Effect of political uncertainty across prevalence of innovation introductions (Dep. var.:
InnovationINTRO)
Panel A: Measure of political uncertainty: Pa
Reference

Quantiles

Quantile →
Uncertainty: Average over three
previous years [Pol_lag3]

q25
**

0.0437
(2.6)

q50

q75

**

0.0380
(1.4)

0.0300
(0.9)

0.0550
(2.8)

Firmsize

0.0009
(1.5)

0.0016
(1.9)

*

0.0012
(1.6)

0.0010
(0.7)

Firmage

-0.0005
(0.2)

-0.0018
(0.4)

-0.0032
(0.7)

-0.0015
(0.3)

Soleproprietor

0.0008
(1.4)

0.0006
(0.9)

0.0000
(0.0)

0.0021
(2.0)

**

**

**

*

**

0.0096
(7.5)

0.0099
(7.2)

0.0105
(5.9)

0.0113
(5.4)

R-Sq./Pseudo R-Sq.

0.49

0.37

0.34

0.26

Observations

135

R&D

135

Panel B: Measure of political uncertainty: Pb
Uncertainty: Average over
three previous years
[St_fragility_lag3]

0.0086**
(2.7)

0.0026
(0.5)

0.0079**
(2.0)

0.0107**
(2.1)

Firmsize

0.0006
(0.9)

0.0011
(1.0)

0.0010
(0.9)

-0.0001
(0.1)

Firmage

0.0017
(0.5)

-0.0063
(1.1)

-0.0009
(0.2)

0.0053
(0.8)

Soleproprietor

0.0005
(0.7)

0.0012
(1.0)

0.0008
(0.7)

0.0014
(1.0)

0.0096**
(7.2)

0.011**
(6.8)

0.0103**
(6.9)

0.0113**
(4.9)

R-Sq./Pseudo R-Sq.

0.54

0.39

0.37

0.31

Observations

125

R&D

125

Notes: Variable definitions are provided in Table 1. Political uncertainty Pa: Political Stability and Absence of
Violence/Terrorism; Political uncertainty Pb: State fragility. Absolute value of t-statistics in parentheses based on bootstrap
standard errors (200 replications) in these quantile regressions. All models included a constant term. q50 represents the
median regression. * denotes statistical significance at the 10% level, and ** denotes significance at the 5% level (or
better). Reference model reflects non-quantile results estimated via Ordinary Least Squares with robust standard errors for
comparison purposes.

24

KIEL WORKING PAPER

NO. 2142 | OCTOBER 2019

APPENDIX
Countries included in the data set
Afghanistan (2014), Albania (2013), Antigua and Barbuda (2010), Argentina (2006, 2010), Armenia (2013), Azerbaijan
(2013), Bahamas (2010), Bangladesh (2013), Barbados (2010), Belarus (2013), Belize (2010), Benin (2016), Bhutan (2015),
Bolivia (2006, 2010), Bosnia and Herzegovina (2013), Bulgaria (2013), Burundi (2014), Cambodia (2013, 2016), Cameroon
(2016), Central African Republic (2011), Chile (2006, 2010), China (2012), Colombia (2006, 2010), Congo, Dem. Rep. (2013),
Costa Rica (2010), Côte d'Ivoire (2016), Croatia (2013), Czech Republic (2013), Djibouti (2013), Dominica (2010), Dominican
Republic (2010, 2016), Ecuador (2006, 2010), Egypt, Arab Rep. (2013), El Salvador (2006, 2010, 2016), Estonia (2013),
Ethiopia (2011, 2015), Georgia (2013), Ghana (2013), Grenada (2010), Guatemala (2006, 2010), Guinea (2016), Guyana
(2010), Honduras (2006, 2010), Hungary (2013), India (2014), Indonesia (2015), Israel (2013), Jamaica (2010), Jordan (2013),
Kazakhstan (2013), Kenya (2013), Kosovo (2013), Kyrgyz Republic (2013), Laos PDR (2016), Latvia (2013), Lebanon (2013),
Lesotho (2016), Lithuania (2013), Macedonia, FYR (2013), Malawi (2014), Malaysia (2015), Mali (2016), Mauritania (2014),
Mexico (2006, 2010), Moldova (2013), Mongolia (2013), Montenegro (2013), Morocco (2013), Myanmar (2014, 2016),
Namibia (2014), Nepal (2013), Nicaragua (2006, 2010), Nigeria (2014), Pakistan (2013), Panama (2006, 2010), Papua New
Guinea (2015), Paraguay (2006, 2010), Peru (2006, 2010), Philippines (2015), Poland (2013), Romania (2013), Russian
Federation (2012), Rwanda (2011), Senegal (2014), Serbia (2013), Slovak Republic (2013), Slovenia (2013), Solomon Islands
(2015), South Sudan (2014), Sri Lanka (2011), St. Kitts and Nevis (2010), St. Lucia (2010), St. Vincent and the Grenadines
(2010), Sudan (2014), Suriname (2010), Swaziland (2016), Sweden (2014), Tajikistan (2013), Tanzania (2013), Thailand
(2016), Timor-Leste (2015), Togo (2016), Trinidad and Tobago (2010), Tunisia (2013), Turkey (2013), Uganda (2013),
Ukraine (2013), Uruguay (2006, 2010), Uzbekistan (2013), Venezuela, R.B. (2010), Vietnam (2015), West Bank and Gaza
(2013), Yemen (2013), Zambia (2013), Zimbabwe (2011, 2016).
Note: The year of survey(s) is in parentheses.
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Figure 1: Uncertainty and innovation introductions
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